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AMPLIFA PROCUREMENT GLOSSARY

Data analysis in procurement: decisions
based on reliable figures
Data analysis in procurement refers to the systematic collection, preparation and evaluation of

purchasing data in order to make fact-based decisions. It combines internal data such as order

histories, demand figures and supplier ratings with external market data. The aim is to identify

savings potential, recognise risks early and manage procurement processes in a measurable way.

Key facts
• Data analysis in procurement turns raw purchasing data into decision-relevant insights for savings

and risk management.

• Typical data sources include order histories, price indices, supplier ratings and demand forecasts.

• Key analysis areas are spend analysis, supplier performance, price development and demand

consolidation.

• A clean data foundation is a prerequisite, often supported by roles such as the data steward.

• In practice, a structured spend analysis frequently reveals procurement levers in the mid-single-digit

percentage range of relevant spend.

• Data analysis is the foundation of modern procurement controlling and KPI-based steering of

procurement.

Definition: data analysis in procurement
Data analysis in procurement is the methodical evaluation of procurement-relevant data sets with the

aim of gaining insights for strategic and operational decisions. It encompasses data acquisition, data

quality assurance, evaluation and interpretation of results.

Distinction from classic reporting

Classic reporting reflects the past, for example monthly procurement KPIs or budget reconciliations.

Data analysis goes beyond this by identifying patterns, causes and correlations. A list of completed

purchase orders thus becomes a statement about why prices have risen, which suppliers are risky or

where demand can be bundled. Both levels complement each other: reports document, analyses

explain and reveal options for action.

Position within procurement controlling

Data analysis is the workhorse of procurement controlling. Without reliable figures, procurement targets

can neither be set sensibly nor their achievement verified. Procurement controlling defines which

procurement KPIs are relevant and the reporting cycle. Data analysis provides the raw values, checks

plausibility and prepares the data so that management and specialist departments can derive decisions

from it.



Amplifa Marketplace · Procurement glossary amplifa-marketplace.com/en/glossary/datenanalyse-im-einkauf

Data sources and data quality in procurement
The quality of any analysis depends on the underlying data foundation. In procurement, data comes

from very different systems, which makes consolidation and cleansing a central challenge.

Internal data sources

The most important internal sources include order histories from the ERP system, enquiry data from

tenders, goods receipt and invoice data as well as master data on materials and suppliers. Demand

notifications from materials planning, quality data such as complaints or the Initial Sample Inspection

Report (ISIR) and logistics data such as purchase requisition-to-PO lead time also provide valuable

analysis inputs. The more completely these sources are integrated, the more meaningful the overall

picture of procurement becomes.

External data sources

External data complement the internal view: commodity and price indices, market prices, customs data,

supply chain information and assessments of suppliers' financial stability. Location and logistics

information, such as on 3PL providers or Incoterms EXW arrangements, can also be systematically

evaluated. It is important to critically examine external sources for currency and methodology before

feeding them into internal steering calculations.

Data quality and master data management

Duplicated supplier records, inconsistent material classifications or missing price data histories distort

any analysis. In practice, a considerable share of analysis time is often spent on data cleansing. Helpful

are clear responsibilities, such as the data steward role, uniform classification schemes for spend and

regular plausibility checks. Those who treat data quality as an ongoing topic significantly reduce the

effort for each individual evaluation in the long term.

Methods and approach of data analysis
The analysis process typically follows a multi-stage approach from objective definition to the derivation

of concrete measures. Standardised analysis types ensure comparability across periods.

Spend analysis as the starting point

Spend analysis is the most widely used analysis method in procurement. It breaks down the

procurement volume by supplier, commodity group, location and time period and shows where the

largest volume—and thus the greatest procurement levers—lie. Typical findings are fragmented demand

across several plants, price dispersion for identical parts or so-called maverick buys outside concluded

framework agreements. Based on the spend analysis, demand aggregation potential and priorities for

requests for quotations can be derived.

Supplier and risk analyses

Supplier analyses evaluate suppliers according to metrics such as delivery reliability, complaint rate,

price development and financial indicators. In addition, risk assessments show where critical

dependencies exist, for example in single sourcing or long replenishment lead times. Data on safety

stock calculation and inventory coverage help to make the risk of supply failures quantifiable. Such

analyses also form the basis for supplier development programmes and for evaluation within

procurement marketing.
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Process and KPI analyses

Process data reveal weaknesses in day-to-day operations: long lead times from purchase requisition to

purchase order, a high proportion of manually triggered orders or unclear procurement approval limits

that delay decisions. Analysis of metrics from purchase requisition-to-PO lead time to on-time delivery

shows where standardisation or automation delivers the greatest benefit. In addition, quality data, for

example from incoming goods inspections and ISIR processes, indicate systematic supplier problems.

Key KPIs for data-driven procurement management
KPIs translate analysis results into manageable quantities. A balanced set of cost, process, quality and

risk metrics makes sense.

Cost and value creation KPIs

Classic procurement KPIs include savings against baseline prices, price penetration, material cost

share and budget compliance. A clean definition of the baseline is important: is the reference to

prior-year prices, market prices or budget values? Without a uniform definition, KPIs are not comparable

across sites or periods. Amendment and change-order clauses in contracts should also be

systematically evaluated, as they reflect hidden cost drivers.

Process and supplier KPIs

On the process side, purchase requisition-to-PO lead time, the share of electronically triggered

purchase orders and supplier on-time delivery prove valuable, among others. Quality-related metrics

include complaint rates, first-delivery defects and cycle counting results for inventory data quality. On the

logistics side, analyses of warehousing, inventory coverage and transport metrics point to optimisation

potential in the supply chain. Every KPI should be anchored with a target value, an owner and a

reporting cycle.

From KPI to decision

A KPI only takes effect when linked to measures. Declining delivery reliability of an A-supplier, for

example, can trigger an escalation in supplier management, recognisable price dispersion leads to a

new request for quotation, and consolidatable demand leads to demand aggregation across sites. It is

advisable to regularly translate analysis results into concrete action plans with deadlines and

responsibilities, as effective procurement controlling provides for.

Risks, limitations and controls
Data analysis in procurement also carries pitfalls: faulty data foundations, misinterpretations and

compliance risks when handling company and supplier data.

Typical analysis errors

Common errors include spurious correlations, incomplete time periods and comparing non-comparable

data, such as different costing bases for prices. The opposite error also occurs: missing data is wrongly

taken as evidence of missing problems. Four-eyes principles for key evaluations, documented

assumptions and cross-checking critical findings against the expertise of category owners are sensible.

Analyses should always be understood as decision support, not as a substitute for decisions.
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Data protection, compliance and governance

When handling supplier data, data protection requirements, confidentiality agreements and internal

approval processes must be observed. Anyone outsourcing analyses to external providers should

clearly regulate permissibility and confidentiality contractually and have them verified on a case-by-case

basis. Clear data governance with defined roles, including the data steward, defines access rights,

quality standards and responsibilities. Legal and tax questions, for example on retention or contractual

data use, must always be examined on a case-by-case basis.

Organisation and skills development

Data analysis requires skills that go beyond classic procurement activities: statistics fundamentals, data

modelling and business interpretation. A procurement skills matrix helps to systematically capture

existing capabilities in the team and plan targeted training. In larger organisations, a combination of

central analysts and decentralised category owners has often proven effective: the former provide

methodology and standard reports, the latter domain-specific interpretation and implementation of

measures.

Current developments: automation and AI
The technological maturity of procurement analysis is rising rapidly. Standardised reports are

increasingly automated, while buyers' focus shifts to interpretation and steering of measures.

Automated evaluations and self-service

Modern BI tools enable buyers to answer standard questions themselves without having to wait for IT

reports. Automated dashboards on spend, prices and supplier KPIs are becoming a matter of course in

many companies. The advantage lies less in the technology than in the accelerated decision cycle:

insights from analysis are available within days rather than months, for example to prepare a request for

quotation or to reassess procurement approval limits.

AI and predictive approaches

Artificial intelligence methods increasingly support the classification of spend data, the identification of

anomalous prices and the forecasting of demand. Demand aggregation can be planned better with data

support when demand forecasts incorporate predictive models. AI-assisted enquiries and automated

quotation comparisons can also accelerate preparation in supplier selection. What remains important:

models are only as good as their training data, and their results require professional validation by

experienced buyers.

Data exchange in the supply chain

In future, data exchange across company boundaries will move more into focus: suppliers deliver

capacity, inventory and quality data in real time, logistics providers such as 3PL partners provide

shipment and inventory data. Formats and standards for this exchange continue to evolve. For

procurement, this opens up the opportunity to move from reactive reporting towards proactive,

continuously informed steering of the entire value chain.

Typical metrics
Purchase requisition-to-PO lead time: commonly 3–10 working days
Guideline value for industrial organisations; shorter times indicate efficient processes
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Delivery reliability: > 95 %
Common target level for A-suppliers in series production

Savings from spend analysis: commonly 2–5 % of relevant spend
Practical guideline value for identified potential in the first analysis cycle

Inventory data quality (cycle counting): > 98 %
Common target for inventory record accuracy

Practical example
A medium-sized mechanical engineering company with three sites and around 4,000 actively ordered

parts suffered from rising material costs and unclear responsibilities. A structured spend analysis

showed that around one fifth of relevant spend was attributable to three supplier groups, for which

identical components were sourced at different sites at different prices. At the same time, analysis of

purchase requisition-to-PO lead time revealed long processing times caused by unclear procurement

approval limits. Based on these findings, the team initiated targeted measures:

• Consolidation of demand for three commodity groups with one supplier across all sites (demand

aggregation)

• Retendering of the top commodity group via a structured request for quotations with uniform costing

requirements

• Adjustment of procurement approval limits to shorten purchase requisition-to-PO lead time

• Introduction of a monthly procurement KPI report as a fixed element of procurement controlling

Conclusion
Data analysis in procurement is no longer an optional add-on today, but a prerequisite for professional

management of procurement. It makes procurement levers visible, quantifies risks and creates the

factual basis for negotiations, supplier decisions and process improvements. What matters is less

sophisticated tools than a clean data foundation, clear responsibilities and a sensible set of KPIs.

Companies that consistently translate analysis results into measures sustainably strengthen their

negotiating position. Those who build up this capability in a structured way also lay the foundation for

automation and AI-supported applications in the years to come.

Frequently asked questions

What is meant by data analysis in procurement?

Data analysis in procurement refers to the systematic evaluation of purchasing data such as order

histories, supplier metrics and market prices. The aim is to identify savings potential, risks and

optimisation opportunities on a fact-based basis. It forms the foundation for negotiations, supplier

management and procurement controlling.

Which data does procurement analyse?

Typically order and invoice data, supplier master data and supplier ratings, demand notifications, price

indices as well as quality and logistics data. External market data and contract information are also

included. The decisive factor is consolidating these sources into a clean, uniformly classified data

foundation.
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What is a spend analysis?

Spend analysis breaks down the total procurement volume by supplier, commodity group, location and

time period. It shows where the largest volumes—and thus the greatest procurement levers—lie. It is

usually the first step of any data-driven procurement strategy.

Which KPIs are important in procurement?

Key procurement KPIs include realised savings, supplier on-time delivery and delivery reliability,

complaint rates and process times such as purchase requisition-to-PO lead time. Inventory metrics and

risk metrics are also relevant. It is important to anchor every KPI with a target value, clear ownership

and a reporting cycle.

What role does AI play in procurement analysis?

AI methods support the classification of spend data, the detection of price anomalies and the

forecasting of demand. They significantly accelerate analysis, but do not replace professional

assessment by experienced buyers. The prerequisite is sufficiently clean and consistent data.

How do you get started with data analysis in procurement?

A proven approach is to start with a spend analysis based on consolidated order and invoice data. First,

data sources are reviewed, master data is cleansed and classification schemes are agreed.

Subsequently, priorities are set and initial analyses are translated into concrete measures and KPIs.


